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As one of the most important post-transcriptional modifications, m6 Am plays a fairly important role in m6Am stability and ® Comparison with the State-of-the-Art Predictors

cancers progression. The accurate identification of m6Am sites is critical for explaining its biological significance and
developing its medical application. However, conventional experimental approaches are time-consuming and expensive,
making them unsuitable for the large-scale identification of the m6Am sites. We exploit m6 Aminer (based on CatBoost) to
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identify the m6Am sites on mRNA. For feature extraction, nine different feature-encoding schemes were utilized to form the

initial feature space. The ExtraTreesClassifier algorithm was adopted to obtain optimal subset with top-300 feature by A Wt
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importance ranking. Comprehensive comparison results give m6Aminer leading edge over the state-of-the-art predictors
m6AmPred and DLm6Am. The prediction model in this study can lay a foundation for the functional research of m6Am.
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An online tool for m6Am prediction

$

T4:0.002
o"'
NN ”“4,
S
Kl

—

082 4 i —— — Because the training dataset and testing dataset are both sequences with 1120 features. The examples

sequences which will be entered in the following form should be limited in 1120 features (or with 41 letters,

058 1 10-fold can't be more or less), or the page will result errors and not approach to the Result. imi. You can also see the
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» Select appropriate classifiers and feature subsets to construct mé Aminer.

® Feature Ranking and Selection ® A new computational model——m6Aminer, was developed to improve the prediction of m6 Am.

A
: ® The clectronic, physical, and chemical properties of nucleotides have an important impact on the
o I classification task of the m6Am sites.
g ] ® The importance of 1120 features on a sub- ® m6Aminer achieves competitive performance when compared with m6 AmPred and DLm6Am.
Jo niEn training dataset ® m6Aminer can be used as an efficient tool for identifying m6Am or can at least become an auxiliary means
® The top 20 features ranked using the of identifying m6Am in the future.
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